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Abstract: Recent developments in mobile technology have led to a significant impact
on everyday life from mobile commerce, which is also starting to provide novel and
beneficial services. In order to improve the convenience and ease of human beings,
numerous utility services are being offered. Specifically, the e-commerce (e-com)
application has surfaced, facilitating the usage of smartphones by customers to purchase
products and services wherever they are. The extended unified theory of acceptance
and use of technology (UTAUT) model was applied in this study to examine consumers’
usage intention (USI) of e-com applications. Perceived Trust (PVT) is the additional
significant factor, along with online rating (ORT) and online review (ORE) as moderating
factors that this study introduces and which underpin the UTAUT2 determinants.
Data has been collected from e-com website users using an adapted questionnaire, and
300 valid responses were analysed. SmartPLS 3 and partial least squares-structural
equation modelling (PLS-SEM) were applied to assess the proposed framework. The
findings showed that: (1) USI was favourably and significantly influenced by PVT,
performance expectancy (PFE), effort expectancy (EFE), facilitating conditions (FTC)
and hedonic motivation (HDM); (2) Use behaviour (UBR) was favourably and
significantly impacted by USI; (3) USI was not significantly influenced by social influence
(SLI); and (4) ORE significantly and negatively moderated the association between USI
and UBR, whereas ORT does not act as a moderator. The study suggests a managerial
implication based on test results to assist e-commerce service providers in improving
the quality of their services, suggests directions for future development, and approaches
suitable tactics for prospective consumer groups.
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Introduction

Mobile applications are growing in
popularity and becoming a necessary part
of our everyday life in the present day,
along with the growth of technological
and scientific advancements (Thi My
Dung et al., 2024). From making
purchases to searching for details about
products, smartphone applications are
helping users in all facets of their lives.
At the present time, a growing number
of companies are adopting a consumer-
oriented strategy and doing all in their
capacity to stay in touch with clients at
all times, no matter where they are.
Similarly, consumers are increasingly
more conscious of the world around them
and can quickly access anything they
want on their mobile devices by just
clicking on it. The use of mobile apps has
surpassed that of mobile websites (Malik
et al., 2017).

Globally, smartphones and tablets, rather
than conventional desktop or laptop PCs,
are the main methods for accessing the
internet. An online platform that makes
it easier to manage, update, purchase,
and trade products on a shopping website
is known as an e-com application. Many
online e-com applications are available on
the mobile platform. Customers can
purchase through e-com applications
offered by well-known organisations as
Amazon, Flipkart, Myntra, Ajio, Nykaa
etc. (Johri et al., 2023).

Various theories and frameworks are
employed to elucidate the behaviour of
users and customers concerning
technology. After a comprehensive
analysis of the literature, (Venkatesh et

al., 2003) compared important models
and developed UTAUT (Unified Theory
of Acceptance and Use of Technology).
In terms of explaining users’ behaviour
connected to technology, UTAUT has
been empirically evaluated and shown to
be more effective to other models
(Venkatesh et al., 2003). UTAUT?2 is one
of the models that have been designed to
assess the acceptability of technology
among specific users (Venkatesh et al.,
2012). Because UTAUT2 combines the
constructs of earlier theories, it is regarded
as an extensive framework (Tamilmani et
al., 2021). So, the goals for the study are
as follows:

i. To assess how different elements like
PFE, EFE, FTC, SLI, HDM and PVT affect
consumers’ USI.

ii. To assess the impact of consumers” USI
on consumers’ UBR.

iii. To determine the role of ORT & ORE
as moderators in establishing an
association between consumers” USI and
UBR to make purchases through e-
commerce applications.

The study is organised in the following
manner: the literature is reviewed first,
the initial step is the review of the
literature, which includes sections on the
theoretical foundation of different
variables of the modified UTAUT model
influencing consumers’ acceptance of e-
commerce shopping. The second section
discusses the research techniques
employed for this investigation. The
study’s results and interpretation are
covered in the third section. Lastly, the
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conclusion and recommendations for
further study are covered in the
subsequent section.

Literature Review
UTAUT Model

Venkatesh et al. created the UTAUT in
2003, and they expanded upon it in 2012.
In its initial iteration, the theory brought
together eight distinct models to describe
how technology is accepted and used
through four primary determinants:
social influence, effort expectancy,
performance expectancy, and facilitating
condition (Venkatesh et al., 2003). In order
to address many scenarios, (Venkatesh et
al., 2012) developed UTAUT2, an
expansion of the theory. UTAUT?2 centres
on the customer, in contrast to the initial
theory. Hedonic motivation, price, habit,
and other factors are added to the four
basic UTAUT constructs to describe
consumer behaviour in UTAUT?2.

Performance Expectancy (PFE), an initial
UTAUT?2 concept, describes how an
individual perceives the performance
advantage that a certain technology will
provide in an endeavour. As a result, this
framework helps to ascertain how
interested a customer is in embracing the
latest innovations. A scarcity of time is
perceived by individuals for a variety of
basic reasons. According to (Saksena et
al., 2018), any convenience is a strategy
to save time on technical and time-
consuming work. According to (Lee et al.,
2019; Nur & Ria Panggabean, 2021) users
of mobile apps provide a greater
inclination to continue using this
technology and consider it to have
significant benefits.

Effort Expectancy (EFE) measures how
much a person (consumer) believes using
technology, such as online purchasing,
doesn’t require much work (Venkatesh et
al., 2003). (Hansen, 2017) noted that ease
of use and hassle-free transactions are the
main reasons why consumers engage in
online purchasing (physical and mental).
According to (Fang et al., 2016), this
construct seems to be essential while using
mobile applications. The EFE and USI
towards mobile apps have been found to
be positively and significantly correlated
in earlier studies (Lee et al., 2019; Nur &
Ria Panggabean, 2021).

As stated by (Venkatesh et al., 2003)
Facilitating Conditions (FTC) is the level
of belief that an individual has in the
existence of sufficient managerial and
technological resources to facilitate the
utilisation of technology., It describes a
group of circumstances that enable a
consumer to intend to utilise technology
more. The availability of funds, time,
connectivity to the internet, and mental
and physical skills can therefore influence
the intention to continue using technology
(Nur & Ria Panggabean, 2021; Yang,
2010).

The Social Influence (SLI) construct is
defined as a change in other people’s
desire to utilise a specific technology (e.g.,
relatives, acquaintances, and peers)
(Venkatesh et al., 2003). The use of specific
technologies might impact social
integration (Chopdar & Sivakumar,
2019), which means that SLI appears to
impact the intention to continue using
apps. The SLI and behavioural intention
to use mobile apps are positively and
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significantly correlated in earlier studies
(Garg, 2021; Yang, 2010).

HDM is used to assess the pleasure or
satisfaction that comes from employing
technology. These characteristics, in the
opinion of (Brown & Venkatesh, 2005)
are critical to the adoption of technology.
HDM has a strong and significant
influence on UI (Jasim et al., 2022;
Maizatul Akmar Mohd Rasli et al., 2020).
Nevertheless, HDM has a stronger effect
on consumers at the beginning of their
experience, according to (Venkatesh et al.,
2012).

In light of the preceding discussions and
the earlier literature review, we have thus
developed the direct hypotheses listed
below:

H,: PFE has a positive and significant
influence on consumers” USI.

H,: EFE has a positive and significant
influence on consumers’” USI.

H_: FTC has a positive and significant
influence on consumers” USI.

H,: SLI has a positive and significant
influence on consumers’” USI.

H.: HDM has a positive and significant
influence on consumers” USI.

H.: USI has a positive and significant
influence on consumers” UBR.

Perceived Trust (PVT): According to
(Mayer et al., 1995), trust is defined as the
customer’s readiness to be prepared for
sensitivity based on a favourable
anticipation of the actions of another
party in the foreseeable future. This
would be the customer’s readiness to

engage in e-commerce transactions and
their anticipation that an e-commerce
provider will satisfy its responsibilities in
the setting of e-commerce (Cao et al.,,
2018). (Jasim et al., 2022; Wang et al.,
2022) discovered that PVT had a major
impact on future buying decisions while
examining the determinants of
consumers’ desire to utilise online
shopping.

H.: PVT has a positive and significant
influence on consumers” USI.

Bandwagon Effect: Bandwagoning is the
practice of complying with indications
from prior consumers of a product or
service, such as ratings, reviews,
suggestions, and hashtags put digitally.
These indications assist consumers in
forming opinions and preferences as well
as in making selections about what goods
or services to buy (Sundar et al., 2008).
OREs and ORTs have been labelled
bandwagoning indicators by (Sundar &
Limperos, 2013) because of their
psychological impact on consumers and
tendency to encourage them to adopt
styles, patterns, or recommendations
made by others. Even experienced or
satisfied consumers consult ORTs and
ORE:s prior to making a purchase choice,
so it is a significant factor for influencing
consumers’ intention to use (Kuo et al.,
2013). According to (Agarwal & Sahu,
2022) the ORT and ORE demonstrate a
negative moderating influence on the link
between e-satisfaction and
recommendation to use.

® Online Rating (ORT): According to
(Filieri, 2015), ORT is a distinct kind of
crowd assessment that shows an average
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evaluation of certain product or service
qualities by consumers. Consumers
evaluate goods and services using a
numerical rating system (e.g., a 5-star
rating system) that is applied to the
attributes (e.g., experience, cost, or
reliability) provided by previous
customers. In light of this, (Tran, 2020)
explored the influence of ORTs on the
continuation intent of satisfied hotel
consumers and discovered that ORT
functioned as a moderator, with higher
ratings causing a sharp rise in the
continuation intent.

® Online Review (ORE): (Singh et al.,
2017) state that online reviews and
feedback from consumers are frequently
regarded as quite trustworthy and
reputable. (Filieri, 2015; Saumya et al.,
2018) contend that as a result, consumers
regularly examine the sources of
information they want to investigate
further. Moreover, (Thi My Dung et al,,
2024) have highlighted the vital function
that online reviews play in interaction
between consumers within the virtual
community. Customers now appreciate
and consider these reviews as trustworthy
sources of information when making
decisions or considering choices (Filieri,
2015).

In light of the preceding discussions and
the earlier literature review, we have thus
developed the moderating hypotheses
listed below:

H, : The relationship between USI and
UBR is significantly moderated by ORT.

H,,: The relationship between USI and
UBR is significantly moderated by ORE.

Research Gap

The UTAUT2 model has been applied by
various academicians earlier in multiple
technological contexts. Still, no such
research that we are familiar with has
been conducted to determine the
variables influencing usage intention as
well as the use behaviour towards e-
commerce shopping apps in India, which
makes the study unique. As in the e-com
sector, trust as well as online ratings and
reviews perform a vital role in building
consumers’ opinions to affect their usage
patterns. Our study has tried to fill the
gap by incorporating trust perception as
a fresh exogenous factor and online rating
and online review (Bandwagon Effect) as
moderators to the UTAUT2 in this study.

Research Methodology

Sample: This study applied a convenience
(non-probability) sampling approach
within a quantitative design. To gather
information, a systematic, closed-ended
questionnaire was employed. Through
various social media websites, we reached
out to potential respondents who had
previously utilised e-com apps for
shopping purposes. Although data from
336 respondents was gathered, the study
only included data from 300 respondents
(the final sample), which was obtained
after outliers and missing data were
removed.

Instrument: Five-point Likert scales,
“ranging from 1 = Strongly Disagree to 5
= Strongly Agree”, are the tools utilised
in the study to evaluate respondent
replies. To conform to the current
research’s perspective, all measuring
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items for the components were modified
from earlier, validated studies. The
questionnaire had the following
dimensions, as well as the total number
of items for each measure:

1. Five-item PFE scale (Soni et al., 2019;
Yang, 2010)

2. Four-item EFE scale (Palos-Sanchez et
al., 2019; Puriwat & Tripopsakul, 2021)

3. Four-item FTC scale (Palau-Saumell et
al., 2019; Zanetta et al., 2021)

4. Four-item SLI scale (Chotigo &
Kadono, 2021; Zanetta et al., 2021)

5. Three-item HDM scale (Tak & Panwar,
2017; Zanetta et al., 2021)

6. Four-item PVT scale (Chotigo &
Kadono, 2021; Nur & Ria Panggabean,
2021)

7. Four-item USI scale (Palos-Sanchez et
al., 2019; Puriwat & Tripopsakul, 2021)

8. Three-item ORT scale and four-item
ORE scale (Agarwal & Sahu, 2022)

9. Three-item UBR scale (Palos-Sanchez
et al.,, 2019; Tak & Panwar, 2017)

Data Analysis & Interpretation

Measurement Model: Convergent
validity is a step in confirming the validity
of constructs. (Hair et al., 2019) identified
three methods of estimations that quantify
convergent validity: factor loadings, AVE
(average variance extracted), and
discriminant validity. The basis for
proving this validity is found in the
multivariate data analysis literature and
is based on (Fornell & Larcker, 1981) and
(Hair et al., 2019). All the indicator
loadings shown in Table 1 are greater
than 0.50, and the composite reliability,
which describes the latent construct of the
items, is examined. According to (Fornell
& Larcker, 1981), if the composite
reliability value is greater than 0.7, it meets
the criteria. The following table’s values
range from 0.898 to 0.940. (Hair et al.,
2009) state that the AVE threshold needs
to be more than 0.5. The allowed range
for the AVEs in the research was between
0.721 and 0.771. Lastly, multicollinearity
between the components was assessed
using VIF. As can be seen in Table 1, no
multicollinearity issue was found because
all values are below the permissible
threshold of 5 (Ringle & Sarstedt, 2016).

Table 1: Factor Loading, Composite Reliability, rho_A, AVE, VIF
and Cronbach’s alpha

Factor | Item Factor CR rho_A | AVE VIF | Cronbach’s o
Loading
PFE | PFE1 874 0.940 0.922 | 0.760 3.029 0.921
PFE2 .869 3.007
PFE3 .903 3.570
PFE4 .829 2.346
PFE5 .881 3.263
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Factor | Item Factor CR rho_A | AVE VIF | Cronbach’s a
Loading

EFE | EFE1 .872 0.930 0.900 | 0.768 2.804 0.899
EFE2 .863 2.380
EFE3 .893 3.065
EFE4 .877 2.570

FTC | FIC1 .866 0.929 0.902 | 0.767 2.898 0.899
FTC2 .862 2.546
FTC3 .903 3.233
FTC4 .871 2.830

SLI SLI1 .837 0.912 0.873 | 0.721 2.182 0.871
SLI2 .857 2.359
SLI3 .857 2.371
SL14 .846 2.307

HDM |HDM1 .838 0.898 0.832 | 0.745 1.774 0.829
HDM2 .869 1.893
HDM3 .882 2.132

PVT | PVT1 .848 0.918 0.886 | 0.738 2.559 0.882
PVT2 .839 2.019
PVT3 .882 2.642
PVT4 .866 2.536

USI | USI1 .853 0.915 0.879 | 0.728 2.844 0.876
USI2 .833 2.125
USI3 .884 2.785
USlI4 .843 2.448

UBR [ UBR1 .854 0.910 0.858 | 0.771 2.147 0.851
UBR2 .868 1.891
UBR3 910 2.673
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(Henseler et al., 2015) suggested a method
to assess discriminant validity: the
Heterotrait-Monotrait (HTMT) ratio of
correlations. They employ a Monte Carlo
simulation study to show off the capacity
of HTMT. The present research used the
same methodology to evaluate for
discriminant validity because it was such
an effective power strategy. According to

(Henseler et al., 2015), there is evidence
for discriminant validity between the two
reflective conceptions when the HTMT
values are less than 0.85. The HTMT test
outcomes are presented in Table 2, and
the values shown satisfy the HTMT
criteria (Gold et al., 2001; Kline, 2011),
demonstrating the discriminant validity
of the measurement model.

Table 2: HTMT Ratio

EFE FTC HDM PFE PVT SLI UBR USI
EFE

FTC 0.654

HDM | 0.626 0.748

PFE 0.785 0.637 0.586

PVT 0.574 0.601 0.620 0.573

SLI 0.758 0.661 0.674 0.807 0.602

UBR 0.539 0.557 0.568 0.502 0.754 0.500

USI 0.742 0.778 0.756 0.724 0.825 0.731 0.810

Regarding the endogenous (dependent)
factors in the structural model, Table 3
displays the following set of values:
coefficient of determination (R?), effect
size (f?), and predictive relevance (Q?).
According to (Cohen, 1988), the range of
values for the coefficient of determination
(R? is 0.26, 0.13, and 0.02 for strong,
moderate, and low. With R?values for USI
and UBR both exceeding 0.25, the
proposed framework is regarded as
having a substantial explanatory ability.

Considering the PLS-SEM variables, the
model’s prediction ability was assessed
using a blindfolding technique (Chin,
1998). The Q* value method was used to
gauge the PLS path model’s capacity for
prediction. (Fornell & Cha, 1994) state
that in both generation-based and overall
models, predictive significance is present
when the Q? result is greater than 0. Since
the Q? values of both USI and UBR are
higher than 0, the model is thought to
have a significant capacity for prediction.
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Table 3: R? and Q?

R Square Q? Predict
UBR 0.503 0.381
USI 0.724 0.516

The results of (Hair et al., 2013)’s analysis
of the hypothesised variable’s impacts
using the effect size f* is shown in Table
4. (Cohen, 1988) proposed this criterion
to determine the magnitude of the
relationship among the model’s latent
variables. According to the study, values

of 0.35,0.15, and 0.02 have been identified
for high, moderate, and weak
associations, respectively. In this study
only one variable i.e. perceived trust has
moderate to high predictive power. The
comparatively low to moderate
magnitude of this index is apparent.

Table 4: Effect Size

Effect

PFE 0.021 Weak

EFE 0.031 Weak

FTC 0.078 Weak

SLI 0.003 None

HDM 0.029 Weak
PVT 0.310 Moderate to High

(Tenenhaus et al., 2004) state that the
average communality index is multiplied
by the square root of the model’s average
R?value to determine the GoF value. GoF
values are taken into account as follows:
0.25 for moderate GoF, 0.36 for
substantial GoF, and 0.1 for low GoF. The
range of GoF values is 0 to 1. It is evident

from Table 5 and the preceding formula
calculation that the study model fulfils the
substantial GoF criteria, with a GoF value
of 0.679. This suggests that the model
could be capable of a good job of
explaining actual data, hence bolstering
the validity of the proposed model as a
whole.
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Table 5: Goodness of Fit Index

Factor AVE R?
PFE 0.760 -
EFE 0.768 -
FTC 0.767 -
SLI 0.721 -
HDM 0.745 -
PVT 0.738 -
UBR 0.771 0.503
USI 0.728 0.724
Average Scores 0.750 0.614
(GoF = square root of AVExR?) 0.679

Path Analysis

Using a bootstrapping method in smart
PLS 3, the structural model, path
coefficient, and corresponding t-value for
the direct and moderated relationship
have been identified in the conclusion.
According to (Hair et al., 2011), a path

coefficient is considered significant if its
t-value is more than 1.96. This shows that
the path coefficient passed the test at the
5% level of significance. The testing of the
suggested correlations is further
illustrated by path coefficients, displayed
in Fig. 1 and Table 6.

Figure 1: Structural Model
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Table 6: Hypothesis Testing

Original | Sample | Standard T P Decision
Sample | Mean | Deviation |Statistics | Values
PFE -> USI 0.126 0.123 0.060 2.090 0.037 Supported
EFE -> USI 0.145 0.144 0.060 2.401 0.016 Supported
FTC -> USI 0.216 0.218 0.058 3.736 0.000 Supported
SLI -> USI 0.050 0.054 0.061 0.815 0.415 Rejected
HDM ->USI| 0.128 0.127 0.060 2.133 0.033 Supported
PVT -> USI 0.381 0.379 0.061 6.259 0.000 Supported
USI -> UBR 0.551 0.547 0.072 7.666 0.000 Supported
ORT*USI -> 0.049 0.052 0.071 0.693 0.488 Rejected
UBR
ORE*USI -> | -0.147 -0.151 0.064 2.300 0.021 Supported
UBR

Two indirect relationships and seven
direct relationships make up the nine
hypotheses presented within the present
research. The smart PLS analysis findings
indicated that factors like PFE (Beta score
= 0.126, t-score = 2.090, sig. value < 0.05),
EFE (Beta score = 0.145, t-score = 2.401,
sig. value < 0.05), FTC (Beta score = 0.216,
t-score = 3.736, sig. value = 0.000), HDM
(Beta score = 0.128, t-score = 2.133, sig.
value < 0.05) and PVT (Beta score = 0.381,
t-score = 6.259, sig. value = 0.000) have a
direct, positive, and significant influence
on the USI towards e-com shopping apps.
Consequently, H,, H,, H,, H, and H, were
validated respectively. There is a
significant influence of consumers’ USI on
consumers’ UBR towards e-commerce
apps (Beta score = 0.551, t-score = 7.666,

sig. value = 0.000), so H, is also supported.
However, there is no significant influence
of SLI on consumers” USI (Beta score =
0.050, t-score = 0.815, sig. value > 0.05).
H, is thus rejected.

As per the analysis of the data,
Hypothesis 8a was rejected, indicating
that there was no significant effect of
consumers’ USI on UBR due to the
moderating role of ORT (Beta score =
0.049, t-score = 0.693, and sig. value >
0.05). Hypothesis 8b is supported, which
states that there is a significant effect of
consumers’ USI on UBR due to the
interaction effect, providing an
explanation for the moderation impact of
ORE (Beta score = -0.147, t-score = 2.300,
sig. value < 0.05). Fig. 2 & 3 illustrate the
interaction effects.
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Figure 2: Interaction Effect of Online Rating
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Figure 3: Interaction Effect of Online Review
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Importance-Performance Map Analysis
(IPMA)

Lastly, an IPMA was used to assess the
constructs” importance and performance.
(Ringle & Sarstedt, 2016) state that the
purpose of importance-performance map
analysis is to pinpoint the elements that
performed poorly yet are crucial to the
target constructs. The IPMA in PLS-SEM
is an accurate and beneficial analysis that

goes beyond the typical route coefficient
estimations in a more significant way. This
study found that the following elements
impact customers’ usage intention
towards e-com shopping apps: PFE, EFE,
FTC, SLI and PVT.

Taking into account the elements depicted
in Figure 4, not a single one of them falls
into the category of low importance-low
performance or potential stress categories.
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The Importance-Performance Map
Analysis of usage intention suggests that
e-commerce service providers should do
better on facilitating conditions and
perceived trust. In terms of importance,
the values reported are relatively small.
The performance index figures, however,

Table 7: Importance &

are remarkable. In order to strengthen
their place in the marketplace, e-
commerce marketers merely need to
bolster their marketing and promotion
strategies. A thorough summary of the
Importance Performance Map Analysis
outcomes is demonstrated in Table 7.

Performance Value

Construct Importance Performance

(Total Effect) (Index Value)
PFE 0.118 66.890
EFE 0.132 68.339
SLI 0.048 68.217
FTC 0.200 67.697
HDM 0.118 67.218
PVT 0.356 69.127

Figure 4: Importance-Performance Map Analysis
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Conclusion

In the present study, the UTAUT
framework was utilised to identify the
elements that influence consumers to use
e-com apps. The results showed that PVT
and FTC are the factors that have the
strongest effects on usage intention,
followed by EFF, PFF and HDM.

It was demonstrated that the most
significant determinant in the suggested
model is the effect of trust on usage
intention. E-commerce organisations
should enhance their transparency about
data protection, confidentiality, and
reimbursement policies, as well as their
data safety and security technologies, to
boost consumer perception of trust. They
need to employ trustworthy safety
features like fingerprint recognition to
guard against unauthorised access to
customer data. Since confidential financial
and personal data is exchanged during
e-commerce transactions, highly secure
encryption techniques must be used to
safeguard data. The usage intention of e-
com applications is strongly affected by
facilitating conditions. This can be
understood that the infrastructural
developments in the telecom sector over
the past few years have improved and
high-speed internet is accessible at
affordable rates. As a result, consumers
continue to easily obtain high-quality
smartphones and quick internet
connections, which facilitates the usage
of e-com apps for their shopping
experiences.

USI towards e-com websites for shopping
is positively influenced by effort and
performance expectancies. Due to its

ability to boost their effectiveness when
purchasing, respondents found e-
commerce shopping to be beneficial.
Consumers think e-com apps are simple
to use and learn. The respondents believe
that their shopping speed has significantly
increased. The adoption of e-com apps is
also significantly predicted by hedonic
motivation. This demonstrates how the
characteristics and functionalities of
shopping apps may make users feel
satisfied. This suggests that their
motivation stems from their love of the
shopping experience and their
involvement in this task. The findings of
this research also indicated that SLI does
not have a significant impact on USI
towards e-commerce services, suggesting
that consumer adoption of these services
was not influenced by other people’s
perceptions towards their use. The results
show that users have their own opinions,
which are not impacted by the advice,
ideas, and endorsements of significant
persons (colleagues, relatives, and close
friends).

Finally, this paper makes a contribution
by investigating the moderating function
of ORT and ORE in the onset of USI
among e-commerce consumers. The key
finding is that customers’” use behaviour
is negatively moderated by ORE whereas
ORT does not act as a moderator,
indicating that even users who have the
intention to use the app become puzzled
prior to use the app if the reviews are
negative. The e-com app providers should
take into account of poor reviews and
these errors could undermine all of their
marketing initiatives. If there are
unfavourable reviews, e-commerce
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collaborators, delivery management, and
consumer assistance facilities will be
accountable.

Limitations

This research is associated with a number
of constraints. Firstly, this study was
carried out in a brief timeframe and was
cross-sectional in design. With the
accumulation of new information and
experiences, users’ opinions of various
factors towards e-com apps are subject
to alter throughout the years. Thus, a
longitudinal study might be used in later
research to get more precise data.
Furthermore, even though surveys
conducted online are frequently
employed in consumer studies, biases in
sampling may still arise. Thus, in order to
lessen these biases, future research must
include a variety of techniques for
gathering data. Future research may be
done to evaluate the significance of the
risk construct for the role of mediator/
moderator, particularly the danger of
losing private information. Finally, the
influence of cultural variables (such as
eating patterns, size of household, and
lifestyles) was not taken into account in
this study. Subsequent research
endeavours consider these cultural
dimensions and aim to extrapolate the
results to a broader geographic context.
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